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Fairness metrics

What is fairness for language models?
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Intrinsic biases

Extrinsic biases

Fairness metrics don't correlate

We found that metrics are not compatible with each other and highly depend on
(i) templates, (ii) attribute and target seeds and (iii) the choice of embeddings.
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Our advice

Use a mix of some intrinsic measures of fairness that don’t use
embeddings directly and eliminate one source of variance, for
example DisCo or LPBS. However, we also recommend to perform
extrinsic fairness evaluations on downstream tasks.
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